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TANGRAM Platform
* TANGRAM adopts codelet programming model

* TANGRAM delivers 70% or higher performance compared to
highly-optimized libraries, such as Intel MKL, NVIDIA CUBLAS,
CUSPARSE, or Thrust, or experts’ optimized benchmarks in Rodinia
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—A codelet is defined as a code snippet
reusable for one or many kernels

barrier

o
0o

* Users write interchangeable alternative codelets,
and corresponding composition and partition rules
for a computation pattern (called spectrum)
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Normalized Performance
(higher is better)

-We do Not ask users to write multiple
versions of kernels
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* TANGRAM supports recursive composition to Conclusion

adapt to different hierarchies of devices and

* We propose TANGRAM, a programming system for performance

cooperative codelets for SIMD architectures @ portability across devices
* TANGRAM also provides performance tuning | « TANGRAM'’s device specification model is highly extensible to support CPU « Our results show TANGRAM can achieve promising performance
annotation to enable parameterization SIMD unit, GPU Warp, ILP, and GPU Dynamic Parallelism Jcross devices
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